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Table 1 Comparison of accuracy of each algorithm
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Recognition of Workpiece Identifier on Complex Background Using OCR
Technology

LIU Ji, ZHAO Zhi-cheng, WANG Xiao—-dong

(School of Electronic Information Engineering, Taiyuan University of Science and Technology, Taiyuan 030024, Shanxi, China)

Abstract:

The workpiece characters is blurred and has a complex background after the white pattern and the casting are
painted, which leads to the difficulty of identifying the workpiece characters is gradually increasing. In order
to solve the problem, the author proposes an end-to-end optical character recognition (OCR) model based
on convolutional recurrent neural network (CRNN ) and connectionist temporal classification (CTC), and
the model is simplified and improved based on VGGNet16 in small amount of data by augmented method
of rotate, adding noise, adjusting brightness and contrast. According to the experimental comparison, the
appropriate model parameters are selected to recognize the identification characters of cast workpiece in
complex background. The results show that this improved model is stable and has high recognition rate, and
has great robustness for similar characters.

Key words:
cast workpiece; workpiece identifier; optical character recognition; convolutional recurrent neural network;
connectionist temporal classification
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